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In [1]: import pandas as pd
import matplotlib.pyplot as plt

plt.rcParams|['figure.figsize'] = [10, 6]
plt.rcParams['figure.dpi'] = 100
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In [2]: # cancer 6300005 load C?é&%?ﬂ

from sklearn.datasets import load breast cancer
cancer = load breast cancer ()

In [3]:  # Print full description by running:
# print (cancer['DESCR'])
# 569 data points with 30 features
cancer|['data'] .shape

Out[3]: (569, 30)

'data’, 'target’, 'target_names', 'DESCR’, 'feature_names', 'filename' o):x)&f? description ({I’)Z&)é dictionary
00 @é &e520051
70 [9¢ 1990
This object is like a dictionary, it contains a description of the data and the features and targets:
In [4]: cancer.keys()

Out[4]: dict keys(['data', 'target', 'target names', 'DESCR', 'feature na
mes', 'filename'])

N 1 O C C C (e o (o] (Y C
cancer 63030009 data 25 DataFrame 003 33@@@@903[93 oooeaqs(g):z)o? @&goo [
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In [5]: df data = pd.DataFrame (cancer['data'])
df data.head()

Out[5]:
0 1 2 3 4 5 6 7 8 9

0 17.99 10.38 122.80 1001.0 0.11840 0.27760 0.3001 0.14710 0.2419 0.07871 .. 2!
1 20.57 17.77 13290 1326.0 0.08474 0.07864 0.0869 0.07017 0.1812 0.05667 ... 2
2 19.69 2125 130.00 1203.0 0.10960 0.15990 0.1974 0.12790 0.2069 0.05999 .. 2
3 1142 2038 77.58 386.1 0.14250 0.28390 0.2414 0.10520 0.2597 0.09744 ... 1«
4 20.29 1434 13510 1297.0 0.10030 0.13280 0.1980 0.10430 0.1809 0.05883 ... 2

5 rows x 30 columns
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In [6]: df target names = pd.DataFrame (cancer['target names'])
df target names.head()

Oout[6]:
0

0 malignant

1 benign

S,
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In [7]: df feature names = pd.DataFrame (cancer['feature names'])
df feature names.head()

out[7]:
0
0 mean radius
1 mean texture

2 mean perimeter
3 mean area

4 mean smoothness
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In [8]: X = cancer['data']
y = cancer|['target']

from sklearn.model selection import train test split
X train, X test, y train, y test = train test split(X, vy)
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In [9]: plt.plot(X train)
plt.grid()
plt.title('Original Data - X train')

Out[9]: Text(0.5, 1.0, 'Original Data - X train')
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In [10]: plt.plot(X test)
plt.grid()
plt.title('Original Data - X test')

Out[10]: Text(0.5, 1.0, 'Original Data - X test')
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In [11]:
Outfll]:
In [12]:
In [13]:
Out[13]:
In [14]:
Out[14]:
In [15]:
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from sklearn.preprocessing import StandardScaler
scaler = StandardScaler ()

# Fit only to the training data
scaler.fit (X train)

StandardScaler (copy=True, with mean=True, with std=True)
# Now apply the transformations to the data:

normalized X train = scaler.transform(X train)
normalized X test = scaler.transform(X_test)

plt.plot (normalized X_ train)
plt.grid()
plt.title('Normalized X Train Data - normalized X train')

Text (0.5, 1.0, 'Normalized X Train Data - normalized X train')

Normalized X Train Data - normalized_X_train
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X test.shape

(143, 30)

import matplotlib.pyplot as plt
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In [16]: plt.plot(normalized X test)
plt.grid()
plt.title('Normalized X Test Data - normalized X train')

Out[16]: Text(0.5, 1.0, 'Normalized X Test Data - normalized X train')
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